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Simple Ring Created around stores using a specified radius 
Data-Driven Ring 
Created around stores using a radius that is proportional to store 
characteristics such as the total sales, square footage and Gross 
Leasable Area (GLA). 
Equal Competition Creates trade area boundaries halfway between each store and its neighbouring stores (Thiessen polygons). 
Drive Time Defines the areas that are accessible along the street network based on the specified maximum travel time or distance. 
Gravity Model Predicts the sales potential of an area based on distance, competition, attractiveness factors and consumer spending. 








































































































Of Which Used 
Technique Used Used 
Regularly 
Occasionally Not Used 
Experience 96 84 12 4 
Checklist 55 33 22 45 
Analogue 39 24 15 61 
Ratio 36 15 21 64 
Cluster 42 19 23 58 
Multiple Regression 40 24 16 60 























Retail Channel Description 
Single-Channel Retailer Sells merchandise through one channel only. 
Multi-Channel Retailing 
Sells merchandise or services through more than one 
channel or all widespread channels, whereby the 
customer cannot trigger channel interaction and the 
retailer does not control channel integration. 
Cross-Channel Retailing 
Sells merchandise or services through more than one 
channel or all widespread channels, whereby the 
customer can trigger partial channel interaction and/or 
the retailer controls partial channel integration. 
Omni-Channel Retailing 
Sells merchandise or services through all widespread 
channels, whereby the customer can trigger full 
channel interaction and/or the retailer controls full 
channel integration.  




















Methods Definition Example 
Created Data 
Is created because it would not exist 
unless a mechanism was put in place to 
collect that information. 
Loyalty programs, Market 
research Surveys, Asking 
for Postal Codes 
Provoked Data Would not exist unless you invited people to express their views. 
Product review, service 
review, etc. 
Transaction Data Generated every time a customer makes a purchase. 
POS 
Captured Data Is information gathered passively from an individual’s behaviour 






























































































Key terms Description 
Advanced Analytics 
Refers to theories, technologies, tools, and 
processes that enable an in-depth 
understanding and discovery of actionable 
insights in big data, which cannot be 
achieved by traditional data analysis and 
processing theories, technologies, tools, and 
processes. 
Big Data  
Refers to data that are too large and/or 
complex to be effectively and/or efficiently 
handled by traditional data-related theories, 
technologies, and tools. 
Spatial Data 
Spatial Data is data or information that 
identifies the geographic location of features 
and boundaries on Earth, such as store 
locations, customer locations, and 
neighbourhood demographics. This is 
basically data that can be mapped and 
geographically analyzed 
Spatial Big Data ‘Spatial Data’ + ‘Big Data’ 
Data Analysis Refers to the processing of data by traditional (e.g., classic statistical, mathematical, or 
30 
 
logical) theories, technologies, and tools for 
obtaining useful information and for practical 
purposes. 
Data Analytics 
Refers to the theories, technologies, tools, 
and processes that enable an in-depth 
understanding and discovery of actionable 
insight into data. Data analytics consists of 
descriptive analytics, predictive analytics, and 
prescriptive analytics. 
Data Science 
Is interdisciplinary field combing statistics and 
computer science in order to interpret data for 
the purpose of decision-making 
Data Scientist Refers to those people whose roles very much centre on data. 
Descriptive Analytics 
Refers to the type of data analytics that 
typically uses statistics to describe the data 
used to gain information, or for other useful 
purposes. 
Predictive Analytics 
Refers to the type of data analytics that 
makes predictions about unknown future 
events and discloses the reasons behind 
them, typically by advanced analytics. 
Data Mining  
Data mining is made up of a diverse and 
distinct set of methods that can be employed 
for identifying patterns. These include; 
summarization, classification, clustering, 














Topic Area Usage 
Healthcare 
Clinical decision support systems, individual analytics applied 
for patient profile, personalized medicine, performance-based 
pricing for personnel, analyze disease patterns, improve public 
health 
Public Sector 
Creating transparency by accessible related data, discover 
needs, improve performance, customize actions for suitable 
products and services, decision making with automated 
systems to decrease risks, innovating new products and 
services 
Retail 
In-store behaviour analysis, variety and price optimization, 
product placement design, improve performance, labour inputs 






















“traces  from  digital  devices,  such  as  smart  phones  that  record  and  communicate  the 
history of their own use; transactions and interactions across digital networks; clickstream 
data  that  records  how  people  navigate  through  a  website  or  an  app;  sensed  data 
generated by a variety of sensors and actuators (that measure levels of light, humidity, 
temperature,  gas,  electrical  resistivity,  acoustics,  air  pressure, movement,  speed,  etc) 
embedded into objects or environments; scanning of machine‐readable objects such as 
travel passes (e.g., Oyster card on the London Underground); passports or barcodes on 
parcels  that  register  payment  and movement  through  a  system; machine‐to‐machine 

























































Difference  Data Lakes Description Data Warehouse Description 
Data Lakes 
Retain All Data 
 
They retain data that is in use 
today but also data that may be 
used and even data that may never 
be used just because it might be 
used someday. 
During the development of a data 
warehouse, a considerable amount of 
time is spent analyzing data sources, 
understanding business processes 
and profiling data. The result is a 
highly structured data model designed 




Data lakes support non-traditional 
data types. In the data lake, all data 
can be kept regardless of source 
and structure. It is kept in its raw 
form. 
Data Warehouses generally consist of 
data extracted from transactional 
systems and consist of quantitative 
metrics and the attributes that describe 
them. Non-traditional data sources 
such as web server logs, sensor data, 
social network activity, text and images 




From operational users (80% of 
users looking at performance 
metric and reports) to users who 
preform in-depth analysis. 
Thee data warehouse is usually ideal 
for operational users because it is well 
structured, easy to use and 
understand and it is purpose-built to 
answer their questions. 
Data Lakes 
Adapt Easily to 
Changes 
 
Since all data is stored in its raw 
form and is always accessible to 
anyone, users are empowered to 
go beyond the structure of the 
warehouse to explore data in novel 
ways and answer their questions at 
their pace.  
Traditional Data Warehouses take very 
long to change. Considerable time is 
spent up front during development 





Because data lakes contain all data 
and data types, because it enables 
users to access data before it has 
been transformed, cleansed and 
structured it enables users to get to 
their results faster than the 
traditional data warehouse 
approach. 
 
The work typically done by the data 
warehouse development team may not 
be done for some or all of the data 









































































































































Country UK UK UK CND UK UK 
Data X N/A N/A N/A X X 
SBD N/A N/A N/A N/A N/A N/A 
Techniques X X X X X X 
Technology N/A N/A N/A X N/A N/A 





























Time Geography Themes Description 
Space-Time Prism 
Space-time prisms model the ability of 
individuals to travel and participate in 
activities at different locations in an 
environment. 
Space–Time Paths The actual paths travels by individuals  






































































Study Author(s) Framework/Methods 
The Process of Innovation Assimilation by 
Firms in Different Countries: A Technology 
Diffusion Perspective on E-Business  
Zhu et al., 
2006 
Used TOE framework to 
investigate the diffusion of 
internet based e-buisness 
innovations by business firms. 
The Assimilation of RFID technology by 
Chinese companies: A technology diffusion 
perspective 
Wei et al., 
2015 
Used TOE framework to 
investigate the assimilation of 
RFID within Chinese firms. 
Technological, organisational and 
environmental factors influencing managers’ 




Used TOE framework to 
investigate the assimilation of 
cloud compiuting application. 
Understanding the determinants of business 
intelligence system adoption stages An 




The paper provides empirical 
insights about how 
technological, organizational, 
and environmental factors affect 









Technological Context Describes both the internal and external technologies 
relevant to the firm. 
Includes: current practices and equipment internal to the firm 
and technologies 
Organizational Context  Refers to descriptive measures about the organization such 
as scope, size, and managerial structure 
Environmental Context Is the arena in which a firm conducts its 


























When the individual is exposed to the 
innovation's existence and gains an 
understanding of how it functions 
Persuasion When the individual forms a favourable or unfavourable attitude toward the innovation 
Decision When the individual engages in activities that lead to a choice to adopt or reject the innovation 
Implementation When the individual puts an innovation into use 
Confirmation 
When the individual seeks reinforcement for an 
innovation-decision already made but may 
reverse the decision if exposed to conflicting 
messages about it 
              Rogers, 1995 as cited in Henderson et al., 2012 
 
Table 13: Attribute to Predict an Innovation Rate of Adoption. 
Attributes  Descriptions 
Relative Advantage Is the degree to which an innovation is perceived as better than the idea it supersedes. 
Compatibility 
Is the degree to which an innovation is perceived as consistent with 
the existing values, past experiences, and needs of potential 
adopters. 
Complexity Is the degree to which an innovation is perceived as relatively difficult to understand and to use. 
Trialability Is the degree to which an innovation may be experimented with on a limited basis. 














Category of Adoption  Description  
Venturesome Innovators Willing to accept risk and sometimes regarded as oddballs 
Respectable Early Adopters Regarded as opinion formers or role models 
Deliberate Early Majority Willing to consider adoption only after peers have adopted. 
Skeptical Late Majority Overwhelming pressure from peers needed before adoption occurs 































































































 Attribute Questions 
Aim to establish respondents’ characteristics 
(e.g., Time spent in industry or with a 
particular organization) 
 Behaviour Questions 
Aim to discover what people do  
(e.g., Techniques used in RLDM or data 
frequently utilized in decision making) 
Attitudinal Questions 
Aim to discover what people consider 
desirable or not desirable (e.g., Corporate 
challenges) 
Belief Questions 
Aim to establish what people believe to be 











































Pre-Test Category Pre-Test Purpose 
Individual Question Pre-Test 
Are individual questions and question 
instructions understood? 
Would any question benefit from the addition 
of written prompts? 
Do respondents interpret questions as 
intended? 
Do any questions make respondents feel 
uncomfortable? 
Questionnaire Pre-Test 
How do respondents react to question 
ordering?   
Does it flow logically and intuitively? 
Does the questionnaire become repetitive? 
How long does it take to complete the 
questionnaire? 

































Type Description Benefits Weaknesses 
Structured 
Interviews 
Follow a pre-determined 
and standardized list of 
questions. Questions 
asked in the same way 
and order. 
Only the information 
required is collected. 
Easier for analysis 
because everyone is 
asked the same set of 
questions 
Lack flexibility. 
Questions cannot be 




Are directed by the 
respondents rather than 
by predetermined 
questions. 
Allows for more 
information and 
opinion. Tangents can 
lead to relevant and 
meaning information 
that was not initially 
considered.  






determined set of 
questions with the 
flexibility of unstructured 
questions. Therefore 
interviewers are able to 
explore responses 
further. 
Large amount of detail 
generated. 
Fairly flexible and 
sensitive. 
Fairly reliable and easy 
to analyze. 
Can't guarantee 
honesty of participants. 
Cause and effect 
cannot be inferred. 
Flexibility of interview 
may lessen reliability. 
Open-ended questions 
are difficult to analyze. 
Difficult to compare 
answers. 



























































Respondents Position Retail Sector 
Partner Retail Consultancy 
VP of Real Estate Market Strategies Grocery 
Senior Director Branch Distribution Financial 
Market & Location Analytics Manager Casual Dining 
Senior Analyst General Merchandise 
Director of Market Development Pharmacy and Personal Care 
Senior Vice President of Real Estate Acquisition General Merchandise  
GIS Analyst Developer/Leasing/Brokerage 
Senior Director of Physical Planning Financial 
Senior Manager of Physical Distribution Financial 
Market Research Analyst Developer/Leasing/Brokerage 
Research Analyst  in Asset Research Developer/Leasing/Brokerage 
Analyst – Analytics, Insights & Innovation Developer/Leasing/Brokerage 
Manager of Development and Portfolio Analytics Casual Dining 
Senior Director, Market Research Developer/Leasing/Brokerage 
Development Lead Fast Food 
Development Manager Fast Food 
Senior Market Analyst Grocery 
Senior Director of Physical Distribution Strategy Financial 
Development Lead Fast Food 
Director of Network Delivery Financial 
National Director Strategy and Insight Fast Food 
Marketing Analytics and Research Manager Casual Dining  






































Type of Question Example  Type of Data and Benefits  
Descriptive (knowledge)  
What is the full name of your 
organization? What is your 
role within the organization? 
Details on events, places, 
people and experiences. 
Storytelling 
What role do you play in the 
location planning process? 
Can you briefly outline the 
linkages between the 
departments? 
Identifies a series of players, 
an ordering of events, or 
causative links. Encourages 
sustained input from the 
informant. 
Opinion  
How important is intuition in 
decision making?  
 
Taps into people’s ideology 
and assumptions. 
Encourages reflection on how 
events and experiences may 
have influenced opinions or 
perspectives. 
Structural 
How has the use of data 
evolved over your tenure in 
your organization? 
Comparison of experience by 
place, time, gender and so 















































Type of Data Growth 
Consumer Data 
Data Automation 
Techniques and Methods 
The environment in which 
they operate 
Sector 
Growth Strategy (e.g. 
Franchising) 
The nature of the location 
decision being made 
Cost of Decision 
Experience 





Senior Management Buy In  
SBD Solutions 
Cost 
The SBD Challenge 
Data Warehousing and 
Mining 










































































Intrinsic Is typically undertaken to learn about a unique phenomenon. The researcher 
should define the uniqueness of the phenomenon, which distinguishes it from 
all others. 
Instrumental  Uses a particular case (some of which may be better than others) to gain a 
broader appreciation of an issue or phenomenon 
Collective Involves studying multiple cases simultaneously or sequentially in an attempt 

































































Retail Sector # Sample # Respondents Response Rate (%) 
Non-Food Retail 86 15 17.4 
Food Retail 30 11 36.7 
Other 65 17 26.2 



















































INTERNAL Data Set  % of 
Respondents
EXTERNAL Data Set % of 
Respondents
Competitor Location Data 
80.0 




Own Store Data (e.g., sales, 
sq. ft, store type) 68.6 
Population Projection and 
Estimate Data 82.9 
Traffic / Pedestrian counts 
65.7 




Customer Transaction (e.g., 
EPOS) 60.0 
Business Location Data 85.2 
Store Space Planning (e.g., 
merchandise mix) 60.0 
Background Mapping Data 
(e.g., roads, rivers) 68.6 
Customer Survey Data (e.g., 
exit intercepts) 48.6 
Shopping Centre Location / 
Tenant Data 71.4 
Planning Application 45.7 Geodemographic Data 57.1 
Store Card Data (e.g., loyalty 
programs) 40.0 
Daytime Population 57.1 
Store Credit Card Data (e.g., 





Traffic Data / Pedestrian 
Count 45.7 
Social Media Data 20.0 Lifestyle / Values / Psychographic Data 42.9 
Customer Surveillance Data 
(e.g., mobile tracking) 14.3 
Employment Data (e.g., 
office employment) 40.0 
Customer Mobile Application 
(e.g., retailer apps levering 
location data) 
14.2 
Planning Application / Land-
use Data 40.0 
Customer After-Sales (e.g., 
warranty) 5.7 
Shopper Survey Data (e.g., 
mall intercept) 31.4 


































Geographic data are the key to many 
of our business requirements 
 
93.1 6.9 0.0 
Geographic data are unlikely to 
increase in importance over the next 5 
years 
 
28.6 21.4 50.0 
Awareness of the geographic element 
of data is prevalent across our 
departments 
 
62.1 31.0 6.9 
Geographic data are no different from 
any other type of data 
 
7.4 25.9 66.7 
It often seems that we have too much 
data for our requirements 
 
17.9 42.9 39.3 
I leverage geographic data in my role 
 89.3 10.7 0.0 
Geographic data is fully leveraged 
across my organization 
 
25.0 39.3 35.7 
Do you believe that your data has 
migrated from large datasets towards 
what has been defined as 'Big Data'? 
 




























‘Geographic data are the key to many of 
our business requirements’ 68 27 5 
‘Geographic data are unlikely to increase in 
importance over the next 5 years’ 27 19 54 
‘Awareness of the geographic element of 
data is prevalent across our department’ 63 19 18 
‘Geographic data are no different from any 






















External Data Is the 'geographic' element of this 
data used in your analysis/decision-
making? 
Do you regard this data as Big 




















100.0 100.0 100.0 100.0 26.9 14.3 33.3 30.0 
Daytime Population 100.0 100.0 100.0 100.0 8.7 0.0 11.1 11.1 
Consumer Expenditure 
Survey 100.0 100.0 100.0 100.0 26.3 50.0 25.0 14.3 
Geodemographic Data 100.0 100.0 100.0 100.0 21.7 25.0 22.2 20.0 
Lifestyle / Values / 
Psychographic Data 100.0 100.0 100.0 100.0 20.0 25.0 0.0 33.3 
Background Mapping Data 
(e.g., roads, rivers) 100.0 100.0 100.0 100.0 8.3 0.0 0.0 18.2 
Business Location Data 100.0 100.0 100.0 100.0 0.0 0.0 0.0 0.0 
Shopper Survey Data (e.g., 
mall intercept) 100.0 100.0 100.0 100.0 21.4 0.0 33.3 14.3 
Employment Data (e.g., 
office employment) 100.0 100.0 100.0 100.0 18.2 0.0 25.0 16.7 
Other government data 
(e.g., labour force) 100.0 100.0 100.0 100.0 0.0 0.0 0.0 0.0 
Population Projection and 
Estimate Data 96.6 100.0 100.0 92.3 24.1 14.3 33.3 23.1 
Adjusted Census Data 
(Demographic and Socio-
Economic) 
96.2 100.0 100.0 90.9 26.9 16.7 33.3 27.3 
Shopping Centre Location 
/ Tenant Data 96.0 100.0 100.0 90.9 8.0 0.0 0.0 18.2 
Traffic Data / Pedestrian 
Count 95.7 100.0 100.0 88.9 17.4 0.0 11.1 33.3 
Planning Application / 
Land-use Data 94.7 100.0 100.0 83.3 15.8 25.0 0.0 33.3 
Loyalty Card Data (e.g., 
AirMiles) 91.7 100.0 80.0 100.0 58.3 100.0 60.0 25.0 
Customer Surveillance 
Data 75.0 0.0 50.0 100.0 25.0 0.0 50.0 0.0 
Location Data Collected 
From Cellphone Pings 75.0 100.0 0.0 100.0 75.0 0.0 100.0 100 
Social Media 60.0 100.0 0.0 100.0 80.0 0.0 100.0 100.0 










Is the 'geographic' element of 
this data used in your 
analysis/decision-making? 
Do you regard this data as 



















(e.g., EPOS) 91.3 100.0 85.7 87.5 47.8 37.5 42.9 62.5 
Customer After-Sales 
(e.g., warranty) 42.9 50.0 33.3 0.0 57.1 50.0 66.7 0.0 
Customer Survey Data 
(e.g., exit intercepts) 90.0 66.7 100.0 100.0 30.0 50.0 12.5 33.3 
Store Card Data (e.g., 
loyalty programs) 85.7 80.0 83.3 100.0 42.9 80.0 33.3 0.0 
Store Credit Card Data 
(e.g., VISA, Mastercard) 81.8 100.0 75.0 50.0 45.5 40.0 50.0 50.0 
Own Store Data (e.g. 
sales, sq. ft, store type) 91.3 85.7 88.9 100.0 39.1 42.9 33.3 42.9 
Store Space Planning 
(e.g., merchandise mix) 91.7 100.0 85.7 100.0 16.7 25.0 14.3 0.0 
Competitor Location 
Data 96.4 100.0 100.0 90.9 21.4 25.0 11.1 27.3 
Traffic / Pedestrian 
Counts 95.8 100.0 100.0 87.5 8.3 0.0 0.0 25.0 
Planning Application 81.8 100.0 83.3 0.0 18.2 0.0 16.7 100.0 
Customer Surveillance 
Data (mobile tracking) 66.7 100.0 50.0 60.0 50.0 33.3 75.0 40.0 
Social Media Data 55.6 66.7 25.0 100.0 77.8 33.3 100.0 100.0 
Customer Mobile Apps 
(retailer apps levering 
location data) 
44.4 50.0 0.0 100.0 66.7 50.0 100.0 50.0 
Email/Electronic 
customer database 66.7 66.7 50.0 100.0 50.0 33.3 75.0 50.0 






























Change Sector % 
Volume Variety Velocity 
Significant 
Increases 
All 46.4 32.1 28.6 
Non-Food Retailers 42.9 28.6 42.9 
Food Retailers 33.3 22.2 33.3 
Other 58.3 41.7 16.7 
Moderate 
Increases 
All 50 57.1 57.1 
Non-Food Retailers 57.1 71.4 42.9 
Food Retailers 66.7 66.7 44.4 
Other 33.3 41.7 75.9 
No Increase All 3.6 7.1 10.7 
Non-Food Retailers 0 0 14.2 
Food Retailers 0 11.1 22.2 
Other 8.4 8.3 0 
Decrease All 0 3.7 3.6 
Non-Food Retailers 0 0 0 
Food Retailers 0 0 0 























Type of Change % 
All Non-Food 
Retailers 
Food Retailers Other 
Significantly 
Increased 14.7 36.4 9.1 0.0 
Increased 50.0 45.5 81.8 25.0 
Remained the 
same 11.8 18.2 0.0 16.7 
Decreased 23.5 0.0 9.1 58.3 
Significantly 
Decreased 0.0 0.0 0.0 0.0 
Type of Change % 
All Non-Food 
Retailers 
Food Retailers Other 
Significantly 
Increased 17.7 27.3 27.3 0.0 
Increased 50.0 54.6 54.6 41.7 
Remained the 
same 11.8 9.1 18.2 8.3 
Decreased 17.7 9.1 0.0 41.7 
Significantly 



























Agree Neither Agree 
Nor Disagree 
Disagree 
Our company is oriented towards decisions 
that are supported by data analytics 84.6 7.7 7.7 
Metrics drive our decision making 80.8 11.5 7.7 
We manage our analytics in house 88.5 7.7 3.9 
The recommendations our department 
makes are rarely accepted by senior 
management 
7.7 11.5 80.8 
We fully leverage 'Geographic Big Data' in 
our Organization 30.8 38.5 30.8 
'Geographic Big Data' are a vital part of our 
department’s decision-making processes 50.0 26.9 23.1 
Analysts understand the techniques they 
are using 84.6 11.5 3.9 
Our decisions are based on detailed 
analysis and research 80.8 11.5 7.7 
Multiple techniques are employed for any 
single decision 73.1 19.2 7.7 
Experience is the most important factor 
when making decisions in the retail industry 70.4 22.2 7.4 
Model accuracy is let down by inaccurate 
source data 61.5 30.8 7.7 
We often do not have the time to undertake 
in-depth analysis 44.4 29.6 25.9 
We employee Data Scientists who are 
responsible for supporting our location 
decisions 
15.4 30.8 53.8 
We outsource our data to a third part 15.4 23.1 61.5 
Analysts understand the techniques they 





















New employees are required with academic 
backgrounds in mathematics and data 
science 
30.8 30.8 38.5 
Our techniques for location decision 
making are archaic and outdated and need 
to be postdated 









Comprised of a variety of techniques that predict future 
outcomes based on historical and current data. They are 





A form of predictive analytics where computers automatically 







Focuses on the data posted by users on social media platforms, 










Is concerned with synthesizing the structural attributes of a 
social network and extracting intelligence from the relationships 
among the participating entities. 




Refers to techniques that are concerned with modelling and 







Techniques analyze opinionated text, which contains people’s 
opinions toward entities such as products, organizations, 
individuals, and events. Also known as opinion mining 
Ravi and Ravi, 
2015 
Association 
Rule Learning  
Used to analyze and predict customer behaviour by looking at 
past behaviours  
Prasad, 2011 
Real Time Data 
Visualization  





Forecasting behaviours in real-time  Beheshti-Kashi 
et al., 2014 
Text Analytics Refers to techniques that extract information from textual data 
(e.g. Social network feeds, emails, blogs, news).  
 











Established Experience 89.3 7.1 3.6 
Checklist 53.6 32.1 14.3 
Analogue 65.4 23.1 11.5 
Multiple Regression 29.6 29.6 40.7 
Gravity Models/Spatial 
Interaction 
37.0 18.5 44.4 
Emerging Predictive Analytics 40.7 22.2 37.0 
Machine Learning  14.8 18.5 66.7 
Social Media Analytics: 
Content-Based Analytics 3.7 18.5 77.8 
Social Media Analytics: 
Structure-Based Analytics 3.7 14.8 81.5 
Social Influence Analysis  7.4 7.4 85.2 
Sentiment Analysis 14.8 18.5 66.7 
Association Rule Learning  14.8 18.5 66.7 
Real-Time Data Visualization 30.8 19.2 50.0 
Real-Time Demand 
Forecasts 
22.2 22.2 55.6 

























Competitor analysis 91.7 81.8 100.0 93.3 
Market mapping 88.9 81.8 90.0 93.3 
Cannibalization 88.9 81.8 100.0 86.7 
Trade area identification 86.1 63.6 90.0 100.0 
Site screening and selection 83.3 63.6 100.0 86.7 
Network planning 66.7 45.5 80.0 73.3 
Setting sales targets 58.3 36.4 90.0 53.3 
Monitoring outlet 
performance 55.6 54.6 60.0 53.3 
Store portfolio segmentation 
and planning 52.8 45.5 60.0 53.3 
Customer profiling 50.0 36.4 50.0 60.0 
Acquisition and merger 
planning 33.3 27.3 60.0 20.0 
Customer database planning 25.0 18.2 30.0 26.7 
Merchandising mix analysis 22.2 36.4 30.0 6.7 
Promotional/media analysis 13.9 0.0 30.0 13.3 
Targeting direct mail 13.9 0.0 40.0 6.7 






































Cost  55.6 42.9 75.0 50.0 
Ability to translate data findings 
into meaningful solutions 44.4 28.6 12.5 75.0 
Ability to obtain data 37.0 28.6 50.0 33.3 
Finding Talent (Lack of internal 
skills to manage and handle data) 29.6 28.6 25.0 33.3 
Buy in from senior management 29.6 14.3 50.0 25.0 
Software Availability 29.6 14.3 50.0 25.0 
Perceived costs outweigh the 
benefits 29.6 14.3 62.5 16.7 
Information Hoarding (data is not 
shared between departments) 29.6 42.9 37.5 16.7 
Do not have the capacity of using 
Big Datasets 25.9 28.6 25.0 25.0 
Lack of understanding of how to 
incorporate the data to improve 
business decisions 
22.2 14.3 25.0 25.0 
Concerns with data integrity 18.5 28.6 25.0 8.3 
Data are not accessible across 
your organization 14.8 0.0 12.5 25.0 
There are no tools and expertise 
available to work with unstructured 
real-time data 




















Our Senior Management fully buy into  Big Data 
analytics 44.4 40.7 14.8 
Management support data-driven decision-
making 81.5 14.8 3.7 
Big Data is viewed as a corporate resource 46.2 38.5 15.4 
Data resources are tightly controlled in 






























































































































































































Is created because it would not exist 
unless a mechanism was put in place to 
collect that information. 
Loyalty programs, Market 
research Surveys, Asking 
for Postal Codes 
Provoked Data Would not exist unless you invited people to express their views. 
Product review, service 
review, etc. 
Transaction Data Generated every time a customer makes a purchase. 
POS 
Captured Data Is information gathered passively from an individual’s behaviour 
GPS from mobile devices 




























































































































































































































































Description Source Accessibility Volume 
Visitor Demographics Aislelabs API TB 
Visitor Path Behaviour Aislelabs API TB 
Traffic Counter  A1 Solutions API TB 
Retail Sales  Oasis/JDE Sql Server GB 
Survey Results Questback/Aislelabs Flat files MB 
Demographics by Geography Environics Flat files MB 
Financial Bloomberg API GB 
Traffic TomTom  API GB 
Real Time Events N/A API GB 
Weather N/A Aislelabs API GB 
Digital Signage Cameras Quividi/Pattison Export TB 
Floorplan Distances MappedIn Flat files MB 
Interactive Directory Search MappedIn API TB 
Social Media Hootsuite Flat files 
(potential API) 
MB 
Website Users Google Analytics API GB 
Email/Newsletter Internal Flat files MB 
Property Level Financials Oasis/JDE Sql Server GB 
Occupancy, Vacancy, Rollover 
Data 
Oasis/JDE Sql Server GB 
Closed / Forecasted Leasing 
Deals 
























































































Goal Description How 






Increase market share. 
Understand the customer, create 
personalized experiences, track 
purchasing, use real-time traffic, 






Supply chain management; 
On-site labour/duty 
scheduling; 
Integrated building systems. 
 
Track traffic flow, uncover labour 
inefficiencies, embrace Internet of 
Things, indoor/outdoor positioning 




Optimize rent structure; 
Optimize tenant mix; 
Optimize development 
initiatives. 
Understand the unique spatial 
context of each centre, track the 
industry and market, model the 


































































































































































Description Source Accessibility Volume 
Demographic Data Profiles External Local GB 
National traffic data External Local GB 
Competitor data External Local GB 
Business Data External Local GB 
Expenditure Data (NHS) External Local GB 
Sales & Transaction data Internal Enterprise TB 













































Provide high-level market overviews and insights for restaurant 
development and network optimization; 
Create, define and apply statistical models to quantify market 




Provide support for market deployment, scheduling, and market 
insights for decision support regarding new channel strategy 
initiatives; 
Support the tracking and reporting of new channel strategy 
initiatives such as restaurant reinvestments and implementation 
of new interior & exterior technology to service guests. 
Marketing 
 
Create specific market overviews (demographic, competitive, 
restaurant data) to identify our existing market penetration and 
where/when to market specific products or initiatives; 
Support marketing programs related to channel strategy by 
leveraging segmentation system for decision support in the 
strategy and execution of new opportunities. 
Strategy & Insights 
 
Assist other LOB (line of businesses—menu line of business etc.) 
for reporting and tracking by identifying and measuring KPI’s that 
measure the market and business; 
Provide decision support for market testing by identifying tailored 
control groups to measure how our new/existing opportunities 







































































































































































































Description Source Accessibility Volume 
Personal banking client 
information 
Internal Enterprise TB 
Business banking client info Internal Enterprise TB 
Retail branch & ATM locations Internal Enterprise GB 
Demographic Data External Enterprise GB 
Daytime Population External Enterprise GB 
Wealthscapes (assets, liabilities 
and wealth) 
External Enterprise TB 
Business Locations External Enterprise GB 
Shopping centres Data External Enterprise GB 
Business counts (Stats Can External Enterprise GB 
Geodem segmentation data External Enterprise GB 
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